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» Light-weight, temporally overlapped for history preservation . .
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. . . ways maintain subset of msertion-history Minimizing useless overfetching (within cache block) improves
» GPU shader core issues memory accesses in 32 -- 128 Bytes granularity »Balance size, false positive rate, and history depth bandwidth utilization
» CG-only memory system, which always fetches missed blocks in cache » Agree predictor® inspired design > DRAM power consumption significantly reduced
block size granularity, substantially wastes off-chip bandwidth.
* Sprangle et al., "“The agree predictor: A mechanism for reducing negative branch history interference”, ISCA-1997

Email: minsoo.rhu@utexas.edu



